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Electronic government refers to providing continuous government
information and services to people through the Internet or other digital
methods. The electronic government revolution can transform the public
sector and re-establish the relationship between the government and
citizens. This revolution was only practical with the element called
artificial intelligence. One of the most significant developments of the
last few years is the launch of e-government by artificial intelligence
worldwide. In this paper, we address the challenges of e-government
systems and propose a framework that uses artificial intelligence. In the
next step, we present an intelligent e-government database architecture
that supports developing and implementing e-government artificial
intelligence applications. The main goal is to use reliable artificial
intelligence techniques to advance the current e-government state.
Services to minimize processing time, reduce costs, and improve citizen
satisfaction.
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WSF[][] = WordSenseDisambiguation (corpus) ;

//WSF is Words-Sense Frequency matrix. The 15 dimension is for synsets and the 2" dimension is
for its word-senses. Each cell represents the frequency of a synset’s member (word-sense)
in the whole corpus.

For i = 1 to total number of synsets

synSize = numberOfWordSenses (synset[i]);
totalFrequencyOfSynset = 0;
For j = 1 to synSize

totalFrequencyOfSynset += WSF[i][]];
For j = 1 to synSize

PMV[i] [J] = WSF[i][Jj] / totalFrequencyOfSynset;

//PMV is Probability Mass Value matrix; the dimensions are the same as what in

WSFE .
For 7 = 1 to synSize
possibilityl9830fJ = 0;
possibilityl9930fJ = 0;

pIJ = PMVI[i][j];
For m = 1 to synSize
pIM = PMV[i] [m];
possibilityl9830£fJ += min (pIJ,pIM);
possibilityl9930fJ += piecewise (pIM <= pIJ , pIM , 0);
Possibilityl1983([i][j] = possibilityl9830£fJ;
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I think that we are supposing this plant incorrectly as a flower, only because this part is like
bloom/blossom.

Dy M‘? P 4S5
{(S1, 2),(S2, 1),(S3, 3), (54, 1), (S5, 1), (S6, 1)}.

olgzxtd Synset ID b puldpd i S 5e8 1) J9u>
~ Symsed  Wordsenses

Sl think, opine, suppose, imagine, reckon, guess
S2 plant, flora, plant life
S3 flower, bloom, blossom
S4 falsely, incorrectly
S5 merely, simply, just, only, but
S6 part, portion
ovwidlnl (595 oo s I (O

oS st Sl (S Jad 5 (ol lapiion bl sl e sl 5B A e i i (a5

(BOFS) ™ 536 slapmismd waw (1—0
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